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Abstract

The skyline query problem has attracted
considerable attention in recent years. Given a
dataset, a skyline query returns data points that
are not dominated by other points. This study
extends the concept of skyline query to a
so-called o-neighborhood skyline query (o-N
skyline query). In contrast to the past skyline
query, the o-N skyline query not only finds the
skyline points, but also retrieves points that are
competitive with the skyline points. The o-N
skyline query can be useful for applications such
as decision making, market analysis, and busi-
ness planning, as it is able to provide more flexi-
ble answers for a user. This paper defines the
novel problem, proposes a new index tree and
intelligent algorithms to resolve this problem,
and conducts a set of simulations to demonstrate
the effectiveness and efficiency of the algo-
rithms.

Keywords: Database, Query processing, Skyline
query, Index tree.
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Figure 1. The result of Ns and considering the effect of dimensionality (a) independent dataset. (b) an-

ti-correlated dataset. (C)NBA player dataset.
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