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Abstract

The so-called defective coffee beans refer to coffee beans of poor quality. These blemish
beans can give a cup of coffee an uncomfortable taste. At present, most of selecting defective
beans is still artificially, and the selection is made through eye examination. However, this
manual classification method not only consumes manpower and time, but also often causes the
problem of unstable screening quality due to human negligence and inconsistent judgment
standards of different people. These problems can be overcome by automatic detection
mechanism. Therefore, this research proposes a model for automatically classifying coffee
beans. This model uses VGG16 as the main architecture to improve the classification accuracy
of coffee beans through transfer learning. Experimental results show that this model can

achieve 99% accuracy.
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precision | recall F1

BRE 0.92 0.55 0.69

Pk E 0.88 0.35 0.50

r¥E 0.50 1.00 0.67
accuracy 0.63

% = ~ Inception-V3 &4 53t

precision | recall F1

p: 9585 1.00 0.47 0.64

Pk E 0.62 1.00 0.77

r¥E 0.89 0.83 0.86
accuracy 0.77

4 = ~ VGGI16 3] A s i

precision | recall F1

AR 1.00 0.99 1.00

kB 0.97 1.00 0.98

r¥E 1.00 0.97 0.99
accuracy 0.99
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